
Guidelines:

UCL Banner 
• The colour and format should not be 

altered.
• Do not place other images or logos on 

the banner.
• Title text should be left aligned unless a 

poster number is added.

Layout
• This should be visually appealing and 

easy to follow. Be consistent.
• Choose one slide layout and delete the 

rest of the slides. Adjust background 
boxes via the slide master view if 
required – see under view menu.

• Ensure that the guides are turned on –
see under view menu.

• Keep within the margin guidelines at the 
edge to help visibility and avoid the risk 
of content being trimmed off. 

Text 
• Aim for 300-600 words that are concise 

and straight to the point.
• Avoid font sizes below 24pt except for 

captions.
• Use a maximum of two fonts (the official 

UCL fonts are Arial or Helvetica, with 
Garamond as an additional font in the 
body text).

• Use bullet points to break up large areas 
of text.

• Left justified text is easier to read than 
fully justified.

• Set headings in bold.

Graphs, Images and Tables
• They must be embedded in your file by 

inserting the file rather than copying and 
pasting.

• Make sure they are sufficient size and 
clearly visible with at least 150dpi.

Guidelines cont:

Colour
• Select background colours that contrast 

well with the font to allow easier reading 
of your text.

• Avoid backgrounds with bright or dark 
colours and full of texture as this will 
distract readers.

• Try not to use too many colours – 1-2 
work well, plus images and charts.

• The template is formatted with 
appropriate UCL colours for the banner 
colour chosen.

• Don’t use multiple layers of transparency 
in PowerPoint.

Copyright  and GDPR
(copy and paste the link  to your browser )

https://www.ucl.ac.uk/library/ucl-copyright-
advice

https://preview.tinyurl.com/UCL-GDPR

• Only use copyright free images or those 
available under the creative commons 
license unless you have bought the 
relevant license. You are free to use 
graphics you have generated but check 
with colleagues if they have produced 
them.

• Images downloaded from online are 
subject to copyright unless this has been 
waived.

• Flickr.com is a useful resource to check 
the copyright status of images from the 
web.

• Follow GDPR (General Data Protection 
Regulation) for images of people.

https://www.ucl.ac.uk/cam/brand

UCL Banner vs UCL Logo
• Use the banner where UCL is the major 

partner
• Use the UCL logo only where work is an 

equal collaboration and place all logos at 
the bottom -
https://www.ucl.ac.uk/cam/brand
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Automated Extraction of Pharmaceutical Knowledge Using 
Artificial Intelligence for the STEP Database

Author’s recommendations
• Use domain-specific pretraining 
to enhance relevance and accuracy.

• Incorporate normalization 
techniques and ontology alignment 
to ensure consistency across varied 
data sources

• Validate model outputs using a 
human-in-the-loop process or RAG 
to reduce errors and improve trust

• Fine-tune models to better 
capture the language and structure 
unique to pharmaceutical data.

• Combine symbolic approaches 
with neural models for better 
coverage and interpretability

• Evaluate models using multiple, 
domain appropriate benchmarks or 
create benchmark on custom data 
to assess generalizability and task 
performance.

01
• To provide a comprehensive analysis of existing AI-driven 

methods for information extraction, highlighting their tools, 
techniques, and pharmaceutical applications.

02
• To critically assess the limitations, unresolved challenges, 

and performance gaps that constrain current information 
extraction systems.

03
• To explore emerging trends and potential solutions that 

hold promise for improving accuracy, scalability, and 
regulatory compliance in pharmaceutical information 
extraction.
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The results of this review informed model selection for applying AI-
enabled information extraction to the STEP database, although direct
evaluation on STEP data is ongoing.

Datasets and Evaluation Metrics:

Models are assessed using standard NLP metrics:
Precision: The proportion of true positive results among all predicted
positives.
Recall: The proportion of true positives identified out of all actual positives.
F1-score: The harmonic mean of precision and recall, widely used as the
main performance indicator in biomedical NER and RE tasks.
Accuracy: Occasionally reported, though less common for imbalanced
classification tasks like NER.

Attribute value 
extraction

Question & 
Answering

Language 
recognition

There are also uses of custom datasets, which involves manual or AI-
assisted annotation, with information retrieved from clinical records, public
databases, and scientific literature.

Chemical & Drug Dataset
BC4CHEMD, BC5CDR, DDI, 
CHEMPROT, KD-DTI

Disease & Gene/Protein Datasets
NCBI-Disease, Linnaeus, BC2GM, 
JNLPBA, GAD 

Clinical Datasets
THYME, EU-ADR

Challenges in pharmaceutical knowledge extraction:

Representative Metrics for Different 
Models on NER and RE Benchmarks 
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